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Multi-turn Response Selection

An Effective Domain Adaptive Post-Training Method for BERT in Response Selection

« Whang, T., Lee, D,, Lee, C., Yang, K., Oh, D., & Lim, H. (2020). An effective domain adaptive post-training method for BERT in
response selection. In Proceedings of 22nd INTERSPEECH (pp. 1585-1589).

+ Github: https://github.com/taesunwhang/BERT-ResSel
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« BERT 2t 29| FR GoogleOf| M S70St BERT,,., & HTFOIM Aotz YA 2= 2Tt stgS 2UH
Fine-tuning &0l A BERTS| 42| k7H9| layerOt St&S ZIGHTH BERT-VFT, OFR| 222 Pointwise YAl
Positive &} Negative 22| H|8S 7|& 1:10I|A 1:42 Z7FA|Z] BERTVFT(DA) Of| CH3HA AES 2135
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Model Ri0@Q1 R10@Q2 Ry10Q@5
DualEncoder,yn, 0.403 0.547 0.819
DualEncoder ¢y, 0.549 0.684 0.896
DualEncoder s, 0.638 0.784 0.949
DualEncoder;stm 0.630 0.780 0.944
MultiView 0.662 0.801 0.951 Model Riog@1  Ri0@10 Ry0@50 MRR
SMN 0726 0.847  0.961 Vig and Remma [9] | 0.186  0.580  0.942  0.312
AK-DE-biGRU 0.747  0.868  0.972 Chen et al. [18] 0214 0630  0.948  0.339
DUA 0.752 0.868 0.962 BERT e 0.236  0.656 0.946  0.359
DAM 0.767 0.874 0.969 BERT-DPT 0.270  0.668 0.942  0.395
MRFN 0.786 0.886 0.976 BERT-VFT 0.274 0.654 0.932 0.400
Tol 0.796 0.894 0.974 BERT-VFT(DA) 0.274 0.664 0.942 0.399
MSN 0.800 0.899 0.978
BERT puse 0.817 0.904 0.977
BERT-DPT 0.851 0.924 0.984
BERT-VFT 0.855 0.928 0.985
BERT-VFT(DA) 0.858 0.931 0.985
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. Special
Post-Training Ri0@Q1 R;0@2 R;p@5 MRR

Token
NSP without 0.816 0.903 0.977 0.884
MLM EOT 0.834 0916 0.981 0.896
MLM + NSP 0.839 0.920 0.982 0.900
NSP with 0.819 0.906 0.978 0.886
MLM EOT 0.838 0.918 0.982 0.899
MLM + NSP 0.851 0.924 0.984 0.907
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